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Research on Improvement of AI Accuracy in Few Samples
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1 55.71 68.46 99.23

2 54.30 89.50 99.23

4 57.62 92.14 99.23

8 57.57 98.24 99.23

16 59.67 99.17 99.41

32 60.01 99.32 99.81

64 85.06 99.51 99.76

128 98.68 99.71 99.85

256 99.76 99.85 99.76

512 99.76 99.85 99.85

1,024 99.90 99.95 99.90
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